This research identifies the need to disaggregate unemployed persons into job leaver, job loser and job layoff categorizations. Multinominal logit regression on Labor Force Survey data (n=38,546) confirms that demographic, human capital and work-related variables account for almost a third of the variance in likelihood to fall into the disaggregated unemployment categories in Canada.
INTRODUCTION
here has been much written about profiling the labor force in North America (Cappelli 2005 (Borjas 1981; Simpson 1990 ; Kidd 1991) . The research that attempts to understand micro level differences in unemployed persons focus almost exclusively on economic aspects and is significantly dated (Borjas 1981; Hamermesh 1989; Farber and Hall 1993; Kidd 1994; Farber 1997; Picot et al. 1998; Hanisch 1999) . Additionally, these studies assess antecedents and outcomes of unemployment using job leaver (quits) or job layoff categories, with no consideration for the job loser (dismissals) category. This paper updates and modifies existing research on individual level differences based on categorizations of unemployment in three significant ways.
First, this research treats the unemployed group as non-homogenous. Rather than comparing employed and unemployed persons, we identify individual level factors correlated with the likelihood to belong to the job leaver (quit), job loser (dismissal or permanent layoff) or job layoff category (temporary layoff) by assessing Labor Force Survey (LFS) data collected over a five year period. We use multinomial logit regression analysis on a sample size of 38 ,546 individuals to analyze unemployed persons based on causes of unemployment.
Second, we examine the Canadian labor force. To date, empirical evidence from Canada using a distinction of types of unemployment has been significantly hindered by the lack of data. Thus, only a limited number of studies are available exploring distinct categories of unemployment in Canada (McLaughlin 1991; Kidd 1994; Picot et al. 1998 ). This research extends beyond existing research to focus on disaggregating unemployment within the Canadian realm.
Third, we use demographic, human capital and work-related variables to support the notion that unemployment via job leaver, job layoff and job losers categories results in different profiles of unemployed persons, when compared with a control group of job stayers (individuals who did not change jobs in the survey period). This extends existing research which is focused almost exclusively on the economic perspectives of unemployment.
The primary contribution of this paper is to suggest that we must disaggregate the unemployed group to T help us understand the pattern of unemployment in a more comprehensive and pragmatic way. Through profiling unemployment based on the job leavers, job losers and job layoff categories, we can understand patterns of unemployment, as well as the differences in the composition and correlations associated with each form of job loss.
Next, core definitions are presented including a brief review of existing literature. Following that, is a discussion of variables used in this study. The results section includes an evaluation of labor market transition rates and multinomial logit estimates of the likelihood to belong to one of the three categories of unemployment on two levels: comparisons against the control group of job stayers and intergroup pair-wise comparisons. To end is the discussions, future research and limitations section.
DISAGGREGATING THE UNEMPLOYED GROUP: DEFINITIONS
Some individuals choose to voluntarily enter unemployment, through turnover in the form of a quit or a resignation. For the purpose of this study, the job leavers group is defined as individuals who were employed within the last twelve months, but were not employed at the time of the survey due to voluntary reasons (e.g. quit) (Statistics Canada 2007) . Comparatively, the job losers group is defined as individuals who were employed within the last twelve months, but employment was permanently terminated at the time of the survey due to involuntary reasons (e.g. dismissal or permanent layoff) (Statistics Canada 2007) . The last group is the job layoff group representing individuals who were temporarily laid off and have a potential for recall (Statistics Canada 2007) . It is important to note that the job layoff group experience temporary unemployment with a possibility of recall, whereas job loser"s employment is permanently terminated.
As an independent group of unemployed persons, the job leavers group has been studied comprehensively in the past. A number of models propose theoretical antecedents of an employee"s intention to leave, including factors such as work and non work-related variables, perceived alternatives, and shock ( The most recent meta-analysis identified a significant number of variables as direct and indirect predictors of voluntary turnover in the form of quits (Griffeth et al. 2000) . Eliminating variables about cognitions and behaviors about the withdrawal process (e.g. intention to quit, job search efforts) individual level variables found to have the highest correlation with voluntary job loss were organizational commitment (r = -0.27), role clarity (r = -0.24), tenure (r = -0.23), role conflict (r = 0.22), overall job satisfaction (r = -0.22), and absenteeism (r = -0.21). Additionally, age and marital status were negatively correlated with voluntary turnover (r = -0.23 and -0.05 respectively) while education was positively correlated with voluntary turnover (r = 0.06) (for all correlations pvalue < 0.05). The research ascertained that gender was not significantly correlated with voluntary turnover (r = 0.03).
Existing research on turnover generally limits the analysis of the employed versus unemployed groups by treating the job leavers (quit) group as a homogeneous group representing unemployed persons for three main reasons. First, in the past most turnover was voluntary (Byrt 1957; Marsh and Mannari 1977) , therefore the study of involuntary turnover may have been perceived as non-imperative. Second, theory was easier to form when turnover could be treated as homogenous. It would be hard to explain quits, dismissals and layoffs in the same theory because they may have different determinants. Focusing on the voluntary turnover category provided a more homogeneous group to research. Third, involuntary turnover is organizationally initiated, so it was assumed that the selection procedure was solely performance based. This lead to the belief that "involuntary exits are desirable because employers would not want to keep poor performers/excess manpower" (Griffeth and Hom 2001: pp 4) .
Research on flows into unemployment (i.e., job leavers, job losers and job layoffs) received limited attention in U.S. literature, and remained focused mainly on economic indicators of each category (Borjas 1981; Hamermesh 1989; Farber and Hall 1993; Farber 1997 Farber , 1999 . These studies had a common sample (series from the Displaced Workers Survey in the 1980"s and 1990"s) and focused on the antecedents and outcomes of unemployment via the job loser and job layoff categories, without consideration of the job leaver category.
Due to a lack of data sources on unemployment in Canada, only Kidd (1994) and Picot et al. (1998) explored the issue of categorizing unemployed persons. Kidd (1994) examined whether a meaningful difference existed between quits and layoffs. The results provided evidence that job leavers and job layoffs were a nonhomogenous group. The study collected Canadian labor market data, including reasons for unemployment in 1986 and 1987. Kidd"s econometric model assumed membership into one of four mutually exclusive categories: quit (n=617), layoff (n=261), job stayers (n=397), and a residual (other mover category). The distinction between a quit and a layoff was dependent on whether unemployment was voluntary; assuming that a quit was voluntary and a layoff was involuntary. Based on Kidd"s economic perspective, wage equation estimates were developed (controlling for marital status, age, education, industry, occupation and province of residence) and dependent on the nature of the job separation (quit or layoff).
The findings of Kidd"s empirical research suggest that when the voluntary versus involuntary distinction is made, the party who wishes to initiate the job separation gains monetary benefits. After job separation, those who quit (voluntarily separated) earned an average salary 18% higher than job stayers. Likewise, those who were laid off (involuntarily separated) earned an average salary 30% less than job stayers. This indicated that the economic benefit during an involuntary separation was positive for the employer, since the employee"s pay level was not representative of productivity in a fixed market. However, an employee whose market value was higher than the actual wage set by the employer gained the economic benefit of voluntary separation. Therefore, there are opposing antecedents to quits and layoffs. There are a number of limitations of this study. Kidd"s study utilized data from the Labor Market Activity Survey (LMAS) of 1986-1987, therefore the data and findings are significantly dated. The sample accessed was full time, male workers, providing only a partial view of unemployment due to limitations in the data collected.
In a second Canadian study, Picot, Lin and Pyper (1998) used a random sample of all Canadian workers to study layoff trends. The information was extracted from the Longitudinal Worker File, which is one component of the Labor Force Survey. Picot et al. (1998) provided evidence of a number of correlations between various factors (such as age, gender, and skill level) and likelihood to experience a layoff. Layoff victims were older (over 55 years of age at time of layoff) when the layoff was a single event. In continuous layoff situations (where the individual was laid off from 5 or more companies within a 10 year span), younger individuals were most likely to be the subjects (between 25 and 34 years of age). Annual earnings, education and skill level were found to be the most influential determinants of the likelihood of experiencing a layoff. However, this study did not include comparisons of layoffs, quits and dismissals.
A crucial finding in the Picot et al. study was that from 1978-1993 a 1% change in unemployment was associated with a 0.89% decrease in quit rates, a 0.61% increase in use of temporary layoffs and a 0.38% decrease in hiring rates. There was also a small effect on the use of permanent layoffs with a 0.34% increase in permanent layoffs for every 1% increase in unemployment. One finding that was evident in the data, but not explicitly stated by the authors is that quit rates and layoff rates consistently reacted in opposite directions. Thus, further support for creating a distinction between job leavers, job losers and job layoffs categories is secured.
Given the exploratory perspective adopted in the research, only a limited number of variables can be used to demonstrate that disaggregating unemployment will enhance our understanding of the unemployment phenomena. The selection of seven variables is rationalized in the next section. Through analysis of these variables, this research aims to secure support for examining unemployment in Canada by disaggregating unemployment using the three categories above.
THEORETICAL PERSPECTIVES IN VARIABLE SELECTION
Due to the exploratory nature of this research, a limited number of variables were used in our analysis, although additional variables may be influential in characterizing job leavers, losers and layoffs. The variables selected for the data analysis met two minimal standards. One, the variables must have a theoretical link to studies of unemployment. Two, the variables must be measured in the LFS.
Human Capital Theory
The first two variables are embedded in human capital theory; education and tenure. Human capital refers to an employee"s tacit knowledge of firm specific information, such as the knowledge, skills, abilities and other attributes of individual employees (Becker 1963) . Firm specific skills such as familiarity with products, procedures and technical characteristics of a firm cannot be transferred among firms (Schultze 1999; Hitt and Ireland 2002) .
Education
Education provides a general training program to help introduce individuals to broad concepts, industries and ideologies. Generally, the higher an individual"s education, the less firm specific their skill set; therefore their knowledge and skills are more transferable (Becker, 1963) . This also translates into a lower level of firm specific human capital, which can affect organizational decisions regarding employee exits. In Griffeth, Hom and Gaertner"s (2000) meta-analysis on antecedents of turnover, a statistically significant positive relationship between education and voluntary turnover (quits) was noted. Although a correlation between education and turnover is established in existing research, no study explicitly examines the relationship between education and different flows into unemployment, as per this study.
Individuals with lower levels of education may be less mobile in the workforce due to their lack of generalizable skills. These individuals may perceive their chances for re-employment to be low, due to high requirements for firm specific training upon reemployment. from a company perspective individuals with low education may not be candidates for layoffs during a downsizing event given that they may have experienced high levels of firm specific knowledge and training.
Tenure
Tenure refers to the total time an individual is employed by a company (Becker 1963 ). Generally, the higher an individual"s experience with the organization, the more firm specific their skill set (Becker 1963 ). Traditionally, job tenure provided some protection from layoffs, but the benefits of high tenure are shrinking (Seitchik 1991; Fallick 1996; Farber 1997 ). Kidd (1995) and Farber (1993) provided evidence that tenure was influential in predicting individual unemployment. Individuals who remain employed had twice as much tenure than those who quit, and individuals who quit generally had slightly longer tenure than layoffs. Tenure groups used in this research align with Kidd"s analysis (1994).
In addition to Human Capital factors affecting this variable, longer tenure with a company also suggests that the individual employee may have more invested with the company such as investing in a house near their job, work friendships extending to personal life and an attachment to the job (Chhinzer and Ababneh 2008). These investments are jeopardized when an employee with more experience loses employment. Therefore, we would expect the unemployed groups to have lower tenure regardless of means of unemployment.
Work-related Variables
The next two variables selected are work-related variables; industry and occupation. Individual workrelated variables include individual job or organizational factors that may be directly related to turnover behavior, such as industry and occupation (Mobley 1982) .
Industry
There has been an ongoing debate regarding the influence of industry on turnover. In the United States, chances of layoff increases significantly if the industry an individual is employed in is doing poorly overall (Fallick 1996) . Aligned with this perspective, industry differences have a significant and negative correlation with the likelihood for job loss in Canada (Kidd 1994 ). In contrast, Picot et al. (1998) provided evidence that layoffs are more of an individual company decision, rather than an industry specific decision in Canada. They suggest that companies in the same industry, facing the same economic concerns have multiple options to respond to reduce manpower (e.g. layoff, hiring freeze, technological advancements, reduction of services etc). Therefore, turnover cannot be explained by cyclical variations in demand or industry level factors such as growth or decline. This debate remains unresolved; therefore, the inclusion of industry as a variable in this study is justifiable.
Industry trends can be explored using the goods versus services industry difference, as per previous unemployment research. Farber (1993) found that from 1982-1985, job loss in the U.S.A was concentrated in the goods (manufacturing) industry, but in 1986-1991, the job loss was concentrated in the services industry.
Projections for 2009 suggest that the services industry will continue to grow, while growth will stagnate, then decline in primary industries in Canada (Government of Canada and the Ontario Ministry of Training 2007). As good related jobs (manufacturing) become increasingly scarce in the Canadian employment outlook (Statistics Canada 2007), employees may be less likely to quit due to a perceived lack of alternative employment opportunities in this industry. In contrast, employers may be less likely to dismiss employees in the service sector due to a perceived labor shortage in this industry.
Occupation
The occupation variable may be directly related to flows into unemployment. Over time, the number and types of occupations available to the labor force change due to technological advancements, globalization, economic growth, demographics and consumer behavior (Chhinzer and Ababneh 2008 In Ontario, 24% of job growth between 2004 and 2009 was projected to come from professional jobs while manufacturing was projected to be responsible for an additional 10% job growth (Government of Canada and the Ontario Ministry of Training 2007). Given that the labor market and perceived alternative employment opportunities differ by occupation, individuals in occupations with expected growth in Canada may be more likely to quit (job leavers). These individuals may perceive that their occupations are in high demand, therefore may choose to exit the firm to gain more desirable employment terms or compensation. Individuals in occupations with minimal growth forecasts may be more likely to be dismissed or laid off (job loser and job layoff), given that these jobs may not be in high demand and may become obsolete. As well, these individuals may be less likely to turnover via quits (job leaver) because of perceptions that the labor market is flooded with qualified candidates, (reducing perceived chances for reemployment). Unemployment trends may vary by occupation, therefore this variable was included in the analysis.
Demographics
The remaining three variables selected are demographic variables: age, marital status and gender. Demographic variables refer to individual attributes that employees bring to work. These traits remain stable across jobs, employers and contexts, are associated with the individual employee in all settings, and are non-changeable by the employee. Personal characteristics may influence the decision to quit, in that they may help an employee predict their internal versus external labor force advantages and disadvantages (Chhinzer and Ababneh 2008) . Also, these demographic conditions can dictate the employee"s perception of opportunities outside of the company, as well as likelihood to voluntarily leave.
In contrast, a combination of federal, state and provincial laws has limited management"s ability to decide whom to separate from their jobs. Although management should be aware that using demographics as a determinant in practice (dismissals or layoffs) is legal only under exceptional circumstances (e.g. Bona Fide Occupational Requirement), cases of layoffs and dismissals are being met with increased legal resistance (Balkin 1992) . As a result, it is possible that the group of job leavers may be demographically different than the job stayers group, but there should be no demographic differences between the job stayers, job losers and job layoffs groups.
METHODS

Data used in this analysis was collected from the Labor Force Survey (LFS). Started in 1945 and
maintained by a body of the Canadian Federal Government (Statistics Canada), the LFS provides the only source of monthly labor force data in Canada. Responses are self-reported, therefore this analysis is one of self-reported measures of flows into unemployment.
Sampling 2% of the Canadian population a month, the LFS clusters individuals into three main categories: employed, unemployed and not in the labor force. This study uses the group of employed persons (or job stayers) as the base or control group. When the complete sample is assessed, the control group of employed persons overwhelms the unemployed persons group by a ratio of more than 30:1. When the proportion of employed to unemployed (or vice versa) diverges from 50%, variance and correlations are attenuated (Pedhazur 1982) . A correction for this is required. A randomly selected group of employed persons equal in count to the group of unemployed persons allows for true unbiased assessment of correlates and variance of the flows into unemployment (Pedhazur 1982 ).
Additionally, individuals who are not in the labor force (people unwilling and unable to work) represent a group that is neither employed or unemployed. Therefore, individuals not in the labor force were not included in the analysis. Statistics Canada classifies individuals into one of three unemployed groups: job leavers (quits/resignations), job losers (dismissals/permanent layoff) and job layoffs (temporary layoffs) based on a mix of questions about the unemployment decision and activity prior to unemployment.
Participants in the survey are sampled monthly and form a six month panel. The response rate averages 95% a month. In the rare case that a participant drops out of the panel, a weight adjustment is applied to the account and the individual is not replaced. The LFS also utilizes a seasonal adjustment for institutional events like vacation, holidays and climate events. Seasonal variations from almost 1,300 participants are adjusted to prevent seasonal factors from effecting employment/unemployment analysis.
Since significant revisions were made to the LFS questionnaire in 1976 and 1997, the period of study is limited to 2000-2004. This ensures reliability of the results, by ensuring consistent survey questions. In order to develop an annual measure of flows into unemployment monthly data was pooled. More specifically, given that survey participants were part of a 6 month panel, we merged information from the March and September data files to create our database. The risk of sampling the same individual in the labor force twice is completely eliminated through forcing six months of difference in the sample, increasing the validity of the results.
A total of 19,273 unique individuals experienced unemployment during the survey period. An equal number of randomly selected employed persons form the control group. Of the unemployed persons group, 3,542 participants experienced temporary layoffs, falling into the job layoff category. An additional 12,397 persons experienced some form of permanent involuntary flow into unemployment (e.g. dismissal or permanent layoff) falling into the job loser category. The remaining 3,334 individuals initiated the flow into unemployment by resigning or quitting, thereby falling into the job leaver category.
RESULTS
Multinomial Logit Regression Analysis
Multinomial logit regression (MNL) analysis is conducted here to estimate the probability (or odd ratios) of an individual flowing into the job leaver, job loser, or job layoff category relative to remaining in the job stayer category by using seven predictors (i.e. education, tenure, industry, occupation, age, gender, and marital status). To conduct the MNL analysis, coefficients of a reference group (e.g., job stayer) were set to zero so that the other estimated parameters could be interpreted relative to this reference group.
Using a chi-squared test to evaluate fit (χ² (54, N = 38, 546) = 12119.754), the model including seven predictors against the null model (constant-only model) is statistically significant. This means that the model with the seven predictors as a set is outperforming the null model in predicting individual unemployment status. Thus, we reject the null hypothesis that all coefficients in our model are jointly zero. The likelihood ratio-test for each of the seven predictors shows that each predictor of our model is statistically significant (p-value < .001) in influencing the likelihood that an individual will flow into a specific employment status. Table 1 provides an assessment of the over or under representation of each variable based on the corresponding flow into unemployment, compared to the control group (job stayers). For example, there are 18.7% more individuals with education levels of `high school or less" in the job layoff group than in the job stayer group. In contrast, there are 15.1% less individuals with `high school or less` education in the job leaver group than in the job stayer group. The results in Table 1 imply that job losers (dismissals) and job stayers are similar in proportion of educational experience, suggesting that education level is not a main variable in the decision function to dismiss an employee. In fact, job stayers and job losers groups are consistently similar in representation, with the exception of tenure and marital status.
There is a negative relationship between education level and likelihood to experience a temporary layoff. Specifically, employees with high school or less education represent 18.7% more of the job layoff group than the job stayer group. Comparatively, employees with university and above education represent almost 60% less of those experiencing a job layoff than their proportion in the remaining labor force. This provides empirical support that education levels provide protection from layoff, as theorized in human capital theory.
Flow into unemployment is more likely to be employee initiated when an employee possessed higher levels of education. Specifically, employees with high levels of education represent 54% more of the job leaver category than they represent in the labor force. Aligned with this, individuals with lower levels of education were 15% less likely to initiate job loss. Following human capital theory, those with transferable skill sets (gained from general training and education) are more prone to initiate job loss through participation in the job leaver category than the job stayers and those with lower levels of education.
At first glance, the results of tenure do not clearly identify a relationship between experience with the firm and flows into unemployment. However, when year 1 is eliminated, the relationships become more consistent. Employees with high tenure make up more than their fair share of the employees laid off; almost doubling their representation in the 10 years plus group, as compared to the control group of job stayers. As tenure increases, so does the representation in the group of laid off persons. The opposite situation exists for the job leavers group. As tenure increases, representation in the job leavers group decreases. In contrast to patterns between job losers and job stayers outlined in the education variable, tenure appears to negatively influence likelihood to be dismissed. Employees in their first year of employment are less likely to quit or be laid off, but slightly more likely to be dismissed, which is the opposite of the results for the remaining years.
Tenure can also be viewed as a unique variable in that the group of job losers is somewhat affected by tenure when compared to job stayers. With the exception of tenure and marital status, the group of job losers was not proportionately different than the control group. The results suggest that dismissals and permanent layoff likelihood decreases with tenure. In the first year, employees are most likely to fall into the job losers category (represented 11.2% more in the job losers group than the job stayers group), and tenure does provide protection from dismissals and permanent layoffs in later years, when compared to the job stayers group (represented 19.3% less in the job losers group than the job stayers group).
Management and business related occupations showed the largest range of change based on unemployment category. Individuals with these occupations are underrepresented in the job layoff group (by 50.0%), but overrepresented in the job leaver group (by 43.8%) when compared to their portion of the job stayers group. A similar pattern is revealed with sales and service jobs. The opposite situation holds true for trades, primary industries and manufacturing in Canada. Therefore, individuals in white collar jobs are significantly more likely to initiate job loss via quitting or resigning from their job, while those in traditional blue collar jobs are much more likely to experience a layoff in Canada.
A similar pattern is formed when we contrast the goods industry with the services industry. Individuals in the goods industry are significantly more likely to experience a job layoff, while less likely to voluntarily leave their job. The opposite relationship is found in the services industries. As hypothesized, perhaps the growth of the services industries and the perceived tightness in the services labor market is responsible for these differences. The results suggest that when the services versus manufacturing differentiation is made, trends of flows into unemployment significantly change. Thus, this variable is valuable in differentiating unemployment in Canada.
Females are disproportionately overrepresented in the job leaver category (by 27.8%) and underrepresented in the job layoff category (by 12.8%). There may be a number of factors associated with this such as age, non workrelated responsibilities, occupation and industry differences that can be attributed to gender. Future studies may be valuable in explaining the differences highlighted in the results for unemployment trends based on gender in Canada, as per Table 1 .
The age variable identifies an interesting trend. While the job losers group is almost identical in terms of representation to the job stayers group, as age increases, the chances of unemployment through job layoffs increases and unemployment through voluntary job loss (job leavers) decreases. This suggests a positive relationship between age and likelihood to be laid off, and a negative relationship between age and likelihood to quit or resign. This variable is important in that if the results were aggregated (comparing employed versus unemployed persons) no effect of age would be evident. However, when the age category is disaggregated, it is highly influential in determining types of unemployment in Canada. (1. 418) The reference variables are: job stayer (employment status), university and above (education), 10+ years (tenure), Management, Business, Finance, and Administrative (occupation), services (industry), female (sex), 55-64 (age), and married (marital status). The coefficients for the reference groups are all zero. Values in parenthesis indicate the odds ratio (indicate the magnitude of the likelihood of belonging to a certain flow into unemployment relative to a control group of job stayers) *** p<0.001, **p<0.01, *p<0.05 (two tailed test) Married individuals are overrepresented (24.8 to 44.8%), while singles are significantly underrepresented (37.6 to 56.7%) in all categories of unemployment. This is one of two variables in which the job loser category is significantly different than the job stayers category. As well, individuals who were in a partnership that no longer exists due to death, divorce or separation are 14.3% overrepresented in the job leaver category, and 14.3% underrepresented in the job layoff category. This example further supports disaggregation of unemployment data in Canada. The relationship between marital status and unemployment remains largely unexplored in research, but the results suggest a direct or indirect influence of marital status on quits, dismissals, permanent layoffs and temporary layoffs in the Canadian labor force. Table 2 presents more related information concerning the multinomial logit analysis (MNL). The first, second, and third columns of Table 2 report the coefficient estimates and the odds ratios (reported in parentheses) of our multinomial logit analysis. The first column presents the coefficient estimates and the odd ratios comparing job layoffs with job stayers. The second column presents the coefficient estimates and the odd ratios comparing job losers with job stayers. The third column presents the coefficient estimates and the odd ratios comparing job leavers with job stayers. A positive coefficient indicates that a specific category of an independent variable increases the likelihood of being in a certain work status in comparison to the job stayers group (the reference group), while a negative coefficient indicates that a specific category (corresponding category or variable) of an independent variable decreases the likelihood of being in a certain work status in comparison to the job stayers group (the reference group). The fourth column reflects the odds ratios when all movers are aggregated (those who lost jobs) and this value is compared against the aggregate job stayers category.
Asterisks identify the categories of the independent variables that have significant effects on the flows into unemployment based on our three categories. The probability (odds) ratios indicate the magnitude of the likelihood of belonging to a certain flow into unemployment relative to the job stayers group. A variable that increases the likelihood of being in a specific unemployed group relative to the job stayers group has probability ratio greater than one, while a variable that decreases the likelihood of being in a specific work status has a probability ratio lower than one. Following is a presentation for the effects of each of the seven variables on the flows into unemployment.
Education
Comparing job layoff with job stayer groups, column 1 of Table 2 shows that the coefficient for the categories "high school or less", "some post secondary", and "post secondary certificate or diploma" are positive and significant. Individuals with "high school or less", "some post secondary", and "post secondary certificate or diploma" levels of education are more likely than individuals with "university and above" education (reference group) to experience temporary layoffs. Specifically, Table 2 shows that the probability of being in a job layoff status relative to the probability of being in a job stayer status is higher for individuals who hold "high school or less" (3.14 times higher), "some post secondary" (2.19 times higher), and "post secondary certificate or diploma" (2.23 times higher) than for individuals who hold "university and above" degree. Comparing the job loser group with job stayers, column 2 of Table 2 reports similar effects for the education categories as those reported above when comparing job layoff with job stayers, but with different odds ratio. Comparing job leavers with job stayer, column 3 of Table 2 also reports similar results as those discussed above except that individuals who hold "post secondary certificate or diploma" were not significant.
Tenure
With regard to tenure, the results demonstrate that the coefficient for individuals who have been with the organization for "1 year", "2 years", "3 years" and "5-9 years" are more likely to be in job layoff, job loser, or job leaver category than to be in the job stayers category, as compared to those who have been with the organization for ten years and above (i.e., the reference group for tenure). For example, individuals who have been with the organization for two years are 13.82 times more likely to flow into job losers" status than individuals who have been with the organization for ten years or more. The results also indicate that the likelihood of flowing into job loser, layoff, or leaver status diminishes as individuals gain more tenure with an organization. For example, the odds ratios of flow into job layoff status are highest, in descending order, for: (a) individuals who have one year tenure (3.96); (b) individuals who have two years (2.30), (c) individuals who have three to four years (2.16) and individuals who have five to nine years of tenure (1.48).
Occupation
The result from Table 2 show that the probabilities of a job layoff relative to the probability of a job stayers status is higher for individuals who worked for "trades, transportation and related occupations", "primary industry and manufacturing", "sales and service occupations", and the other occupations category (in that order) than for individuals in the reference group (i.e. the category "management and administrative related"). This means that individuals who hold occupations in management and administrative related were less likely to be laid off than individuals who are holding all the other type of occupations. Similar results are observed when comparing the probability for those of job losers to those of job stayers, however with different odd ratios.
Industry
Individuals who worked in the goods industry were significantly more likely to flow into job layoffs or job losers category than to remain in job stayers category, as compared to those in the service industry. However, individuals who worked in the goods industry are significantly less likely to flow into job leaver category than to remain in job stayers category, as compared to those in the service industry.
Gender
Comparing flows into job layoffs with flows into job stayers, the coefficient for "Male" is negative and significantly different from zero. This indicates that males are less likely than females to flow into the job layoff category. Comparing flows into job losers with flows into job stayers, the result also shows that males are less likely than females to flow into job layoffs category. However, although the above findings concerning gender are significant, their magnitudes are relatively small.
Age
According to the results in Table 2 , age is also an important factor in determining the flows into unemployment. All the coefficients that comparing job layoffs and job losers with job stayers for the different levels of the age categories (i.e. 25-34,35-44, and 45-54) are negative and significantly different from the reference group (i.e. 55-64 age group). The interpretation of this is that younger workers are less likely to flow into the job layoff or job loser categories relative to job stayers. When compared the flows into job leavers relative to job stayers, we observed no significant effect for age.
Marital Status
Although the results in Table 2 show significant relationships between the sub-categories of the marital status variable and the flows into unemployment, the magnitudes of flowing into a specific work status are very minimal.
Univariate Logit Analysis
Existing research examining job separation does not differentiate among the different types unemployment (Borjas 1981; Kidd 1994 ). Specifically, past research grouped all the job movers into one category, which they labeled as job movers. However this research posits that there are different categories of unemployment and these categories are uniquely influenced by the seven predictors suggested in this study. To support our argument, we conducted an univariate logit analysis and compare its results with the multinomial analysis results discussed above. Table 2 provides the binary logit analysis results. Although the result of the binary analysis demonstrates that the seven factors significantly influenced the probability (odd ratios) of an individual being classified into job stayer or job mover work status, a multinomial logit analysis that disaggregates job movers into three categories (job layoffs, job losers, and job leavers) demonstrates that there are significant differences in the effect of the factors associated with these categories. For example, the results clearly demonstrate that the odds ratios of flowing into job layoff, job loser, or job leaver category, compared with the flows into a job stayers category, are respectively, 3.14, 1.63, and 1.28 times higher for individuals who have high school or less level of education. In addition, table 2 also shows that the odds of flowing into job layoff, job loser, or job leaver category, compared with the flows into a job stayers category, are respectively, 3.95, 13.82, and 7.99 times higher for individuals who worked with an organization for a year or less. To examine if these ratios are significantly different from each other, two more new separate multinomial logit analyses were conducted using the job leavers as the reference group for the first analysis and using job losers as the reference group for the second analysis. Table 3 shows the result of these multinomial logit analyses. For example, table 3 shows that individuals who have high school or less are more likely to experience dismissal or permanent layoff (odd ratio = 1.28) and temporary layoff (odd ratio = 2.46) than voluntarily enter unemployment through resigning. Table 3 also provides several significant results that demonstrate that there are different types of movers (or flows into unemployment) and these types are differently influenced by the seven predictors suggested in this study. In sum, the above discussed analysis provide strong support for our arguments regarding the need of disaggregating job movers into three categories (job layoffs, job losers, and job leavers) instead of pooling them into one group.
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CONCLUSION AND DISCUSSION
There are a number of noteworthy contributions of this paper. Overall, this research is just the beginning of our understanding patterns of flows into unemployment at both practical and theoretical levels. The unemployed group can no longer be assumed to be homogeneous. There are significant differences in the composition and correlations associated with the job layoff, job leaver and job loser groups. Table 2 clearly identifies that disaggregating the unemployed group helps us understand the patterns of flows into unemployment in a more comprehensive and pragmatic way.
As outlined in Table 1 , the job loser group is not significantly different than the job stayer group. These two groups are different only in the marital status and tenure of their members. This suggests that when dismissing an employee, age, gender, education, occupation and industry do not change the composition of the active labor force. Instead, the composition of the active labor force is significantly affected by job layoffs and job leavers. It is critical to note that on average, if the job layoff group was over represented in a specific category, then the opposite relationship is found for the job leaver group (e.g. there were 48.4% less people in the job leaver group and 38.5% more people in the job layoff group than in the job stayer group for the goods industry) and vice versa. Future research can evaluate if there are consistently opposite antecedents to job layoff and job leaver groups.
Patterns of unemployment have been outlined in this paper. For example, the higher the education, the lower the likelihood to be laid off. Additionally, individuals employed in the services industry are predominantly more likely to quit (job leaver), whereas individuals employed in the manufacturing industry are more likely to be laid off (job layoff). These patterns can be further solidified in future research to address why these norms are occurring and what the practical implications of these differences are.
The multinomial data analysis can be arranged into an algorithm to help predict patterns of labor force movement as the mix of the labor force changes. This data can be used for multiple purposes such as policy development for unemployment insurance, human resources planning within the firm, and even career selection. The sample provides statistical strength and the data spans across a five year period, securing our confidence in the generalizability of the results.
Limitations of this study include the restricted number of variables used in this research. Due to the exploratory nature of the research, only seven variables were analysed to suggest differences in categories of unemployed persons. Future studies can include behavior or cognitive variables (organizational commitment, job satisfaction, work-related stress), economic variables (wages, inflation) and additional demographic variables (race, visible minority status, number of dependants). As well, the data is limited to the Canadian labor force and crosssectional in nature. The diversity of the labor force and the complexity of understanding employment patterns can be evaluated using similar studies across countries, or in a longitudinal analysis.
AUTHOR INFORMATION
Dr. Nita N. Chhinzer is an Assistant Professor of Human Resources at the Department of Business, University of Guelph. Her research is concentrated on Strategic Human Resources Management, with a strong focus on downsizing practices, procedures and ethics. Her program of research includes securing a stronger understanding of downsizing activity in the Canadian context, with an aim to effect public policy and legislation regarding layoffs. She has gained international recognition with conference participation including Athens, Greece, Paris, France, and many North American speaking engagements. She secured her PhD from the Faculty of Business at McMaster University.
